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Background
There are few very brief measures that accurately identify
multiple common mental disorders.

Aims
The aim of this study was to develop and assess the psycho-
metric properties of a new composite measure to screen for five
common mental disorders.

Method
Two cross-sectional psychometric surveys were used to develop
(n = 3175) and validate (n = 3620) the new measure, the Rapid
Measurement Toolkit-20 (RMT20) against diagnostic criteria. The
RMT20 was tested against a DSM-5 clinical checklist for major
depression, generalised anxiety disorder, panic disorder, social
anxiety disorder and post-traumatic stress disorder, with com-
parison with twomeasures of general psychological distress: the
Kessler-10 and Distress Questionnaire-5.

Results
The area under the curve for the RMT20 was significantly greater
than for the distress measures, ranging from 0.86 to 0.92 across

the five disorders. Sensitivity and specificity at prescribed cut-
points were excellent, with sensitivity ranging from 0.85 to 0.93
and specificity ranging from 0.73 to 0.83 across the five disorders.

Conclusions
The RMT20 outperformed two established scales assessing
general psychological distress, is free to use and has low
respondent burden. The measure is well-suited to clinical
screening, internet-based screening and large-scale
epidemiological surveys.
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Existing screening tools for common mental disorders

Mental disorders are common in the community but often go
unrecognised, contributing to low rates of treatment.1,2 Using
screening measures to identify individuals who might be experien-
cing a mental health problemmay lead to better uptake of evidence-
based treatments.3 Accurate screening measures may also be used to
identify individuals who require more comprehensive assess-
ment,4,5 used to guide the tailoring of treatment in the context of
internet-based and face-to-face interventions (for example
Batterham et al6 and Kiropoulos et al7), or used to assist individuals
in the community to recognise whether they are likely to be experi-
encing a specific mental disorder.8 However, there are few brief
measures that can be used to accurately screen for a range of
common mental health problems.8,9

There are two broad approaches to screening for mental health
problems: assessing general psychological distress and assessing the
presence of specific commonmental disorders. Screeners that assess
general psychological distress capture internalising symptoms (i.e.
symptoms of mood or anxiety disorders) at a transdiagnostic
level.10,11 Psychological distress measures, such as the Distress
Questionnaire-5 (DQ512) and Kessler-6/Kessler-10 (K6/K1013) are
accurate for identifying a range of mental disorders. However, this
approach to screening does not provide direction as to which dis-
order is most likely to be present, may miss specific manifestations
of distress, and may not cover symptoms of disorders other than
major depressive disorder (MDD) or generalised anxiety disorder
(GAD).10,12

There have been attempts to generate brief composite screeners
to identify a broader spectrum of mental disorders in online, com-
munity or clinical settings.8,9 However, finding an appropriate
balance between the brevity of the screener and its accuracy has
proven challenging. Screening measures typically aim to maximise
sensitivity (low rates of false negatives), so as not to miss any

individuals who may meet clinical criteria for a disorder, along
with adequate levels of specificity.14 Multidisorder composite
screeners that typically consist of between two and five items per dis-
order have been found to perform with varying degrees of success in
identifying common mental disorders in the community.8

Use of item banks to assess mental disorders

Our team has recently developed item banks to assess a range of spe-
cific mental disorders, labelled as Rapid Measurement Toolkit
(RMT) item banks.15 The RMT item banks complement the existing
Patient Reported Outcomes Measurement Information System
(PROMIS) emotional health measures that assess depression and
anxiety.16 RMT and PROMIS item banks were developed through
extensive multistage processes that included evaluation of items
with experts and people with lived experience of mental illness,
and validation in population-based samples using item-response
theory methods.15–17 Items within these banks have been demon-
strated to be free from invariance on the basis of age, gender and
education. Items are also free of local dependence, that is, items
are not correlated after accounting for variance in the latent
construct, which makes them appropriate candidates for use in
unidimensional measurement tools.15

By combining items from the RMT and PROMIS item banks, it
may be possible to identify a parsimonious set of items that enable
accurate and efficient screening for common mental disorders.
However, no existing studies have assessed whether items
from these dimensional measures also provide accurate screening
to identify individuals who meet clinical criteria for a disorder.

Aims

The aim of the present study was to develop a composite screener
for common mental disorders and, in two population-based
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samples, assess its psychometric properties in identifying clinical
‘caseness’ for five common mental disorders: MDD, GAD, social
anxiety disorder (SAD), panic disorder and post-traumatic stress
disorder (PTSD). Two measures of general psychological distress,
the DQ5 and K10, were used as comparators for identifying indivi-
duals who met criteria for each disorder, on the basis of area under
the receiver operating characteristic curve (AUC). The newmultidi-
sorder screener, called the Rapid Measurement Toolkit-20
(RMT20), was designed to have high sensitivity with acceptable spe-
cificity in assessing the presence of five mental disorders. The
screener was also designed using items that have been shown to
be precise in assessing severity of symptoms for each of the five
included disorders.15,16 Screeners that can also provide an indica-
tion of severity to the clinician may have higher utility than those
that only assess the presence or absence of a disorder.18,19

Method

Participants and procedures

Two independent samples were recruited using virtually identical
methods, separated by 13 months. These samples are referred to
as the ‘development’ sample (n = 3175) and the ‘validation’
sample (n = 3620) – the screener was developed using data from
the development sample15 then validated using data from the valid-
ation sample.20 All participants were recruited using advertisements
on the online social media platform Facebook, with the develop-
ment sample recruited between August and December 2014 and
the validation sample recruited between January and February
2016. Advertisements linked directly to the survey and targeted
Australian adults aged 18 years or older.

The content of the advertisement was designed to attract over-
sampling of people with symptoms of a mental disorder, emphasis-
ing that the research was on the topic of mental health. The survey
was implemented online using Qualtrics survey software. From 39
945 individuals who clicked on the advertisement for the initial
(development) survey, 10 082 (25%) consented and commenced
the survey and 5011 (50%) completed the full survey, with 3175 allo-
cated to complete all of the scales included in the present study (a
short form of the survey was administered to the remaining 1836
participants). For the second (validation) survey, 5379 individuals
clicked on the advertisement, 5220 (97%) consented and com-
menced the survey and 3620 (69%) of these completed the full
survey. There were no missing data as responses were required for
all questions except age and gender, with participants encouraged
to discontinue if they were uncomfortable with the survey.

Written informed consent was obtained from all participants.
Participants were given details of local and national mental health
resources, along with the contact details of the research team, to
facilitate access to mental health support if required.

The development survey included pools of items to assess SAD,
panic disorder, PTSD, obsessive–compulsive disorder (OCD), adult
attention-deficit hyperactivity disorder (ADHD) and substance use
disorder, described previously.15,17 In addition, the PROMIS-
depression, PROMIS-anxiety and PROMIS-alcohol use item
banks16,21 were administered, but only in the development sample
as these measures are established. A number of other existing
scales related to mental health and suicide prevention were also
included, but are not the focus of the present study.

Each survey took approximately 40–60 min to complete.
Participants in the development survey were offered the opportun-
ity to enter into a draw for one of four iPad Minis; no incentive was
provided to participants in the validation survey. The authors assert
that all procedures contributing to this work comply with the ethical
standards of the relevant national and institutional committees on

human experimentation and with the Helsinki Declaration of
1975, as revised in 2008. All procedures involving human patients
were approved by the ANU Human Research Ethics Committee
(protocols: #2013/509 and #2015/717).

Measures
Item banks

The item banks used to assess MDD and GAD were the PROMIS-
depression and PROMIS-anxiety item banks, whereas item banks
for SAD, panic disorder and PTSD were the respective RMT item
banks. All items used a first-person perspective. PROMIS item
banks are rated based on the past 7 days, whereas RMT item
banks are based on the past 30 days. Response to all items are on
a 5-point frequency Likert scale: never (1), rarely (2), sometimes
(3), often (4), always (5). The complete item banks have previously
been published.16,22 The item banks were designed through system-
atic item selection and refinement processes, resulting in unidimen-
sional, accurate measures to assess specific mental disorders.15,16,23

The authors of the current study developed the RMT item banks but
were not involved in the development of the PROMIS item banks.

Clinical diagnoses

Clinical diagnoses were made using the DSM-5 symptom checklist,
developed by the authors as a self-report assessment for clinical
diagnosis based on DSM-5 criteria.22,23 The checklist queried
respondents about the presence or absence of symptoms based on
DSM-5 definitions for each disorder of interest. Eight items assessed
SAD; 21 for panic disorder; 14 for GAD; 15 for MDD (including
items to exclude hypomania); 22 for PTSD; 14 for OCD; and 21
for ADHD. Each item reflected a single DSM-5 criterion for the dis-
order of interest, although some criteria were probed across mul-
tiple questions and additional items were used to exclude
alternative diagnoses.

Example items included: ‘In the past six months, did social
situations nearly always make you feel frightened or anxious?’,
‘During the past six months, has your behaviour or difficulty in
paying attention caused problems at home, work, school, or
socially?’ and ‘In the past month, has there been a time when you
unexpectedly felt intense fear or discomfort?’ The checklist was
designed along similar principles to the electronic version of the
Mini International Neuropsychiatric Interview (MINI24) in terms
of structure (binary and categorical self-report items with condi-
tional skip logic) and response burden. However, the checklist
used in the current study was developed independently from the
MINI, non-proprietary and based on DSM-5 rather than DSM-IV
criteria. The full checklist has been published previously22 and is
available from the authors.

Comparator scales

Comparator scales to test the relative precision of the new screener
were the DQ512 and K10.13 Both scales are accurate unidimensional
measures of general psychological distress and are accurate in iden-
tifying individuals who are likely to meet clinical criteria for a range
of common internalising disorders.10,13 The DQ5 (α = 0.91) and
K10 (α = 0.94) both had excellent internal consistency in the valid-
ation sample.

Demographic factors

Demographic factors were collected to describe the participants and
were based on self-reported measures of age group, gender (male,
female, other), educational attainment, employment status, location
(metropolitan, regional, rural) and language spoken at home.
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Analysis

From the five item banks (PROMIS-depression, PROMIS-anxiety,
RMT social anxiety, RMT panic, RMT PTSD), four items for each
disorder were chosen on the basis of their accuracy in assessing clin-
ical criteria for the disorder of interest. These 20 items formed the
RMT20 screener. We initially tested screeners with 3–6 items for
each disorder but found that adding items beyond four typically
did not substantially improve the sensitivity and specificity of
the screener within the development sample. The items were
chosen to provide coverage across the spectrum of severity that is
measured by the full item banks.25 Specifically, items were
selected based on item response theory (IRT) discrimination and
difficulty parameters as well as item information curves when
measuring a single unidimensional construct representing either
panic disorder, SAD or PTSD.25 This approach ensured that
the screeners were accurate across the continuum of the latent
construct.

The PROMIS screeners were only administered within the
development sample, as they are established item banks, whereas

screeners for the RMT measures were then tested in the validation
sample. The AUCwas the indicator of the precision of each subscre-
ener. AUC for the new subscreeners were compared to AUC for the
DQ5 and K10 for each of the five disorders.

Cut-points were defined based on Youden indices, although
with a view to maximising sensitivity when there were comparable
choices. Sensitivity and specificity (with 95% CI) were estimated at
each cut-point and compared with the sensitivity and specificity of
the DQ5 and K10 based on prescribed cut-points.12

Results

The characteristics of the two samples are provided in Table 1.
There were significant differences in all variables except for lan-
guage, GAD caseness, panic disorder caseness, PTSD caseness and
K10 score. Participants in the validation sample appeared to be
slightly younger, better educated, had higher employment rates,
and a greater proportion resided in urban areas. In addition, the

Table 1 Characteristics of the development and validation samples

Development sample
(n = 3175)

Validation sample
(n = 3620)

n (%) n (%) χ2 t P

Age group, n (%) 129.49 <0.001
18–25 years 371 (11.7) 718 (19.8)
26–35 years 277 (8.7) 443 (12.2)
36–45 years 506 (15.9) 539 (14.9)
46–55 years 830 (26.1) 738 (20.4)
56–65 years 842 (26.5) 815 (22.5)
66 years or older 349 (11.0) 365 (10.1)
Prefer not to answer 0 (0.0) 2 (0.1)

Gender, n (%) 37.60 <0.001
Male 648 (20.4) 689 (19.0)
Female 2527 (79.6) 2890 (79.8)
Other 0 (0.0) 30 (0.8)
Prefer not to answer 0 (0.0) 11 (0.3)

Education, n (%) 145.47 <0.001
High school or less 382 (12.0) 254 (7.0)
High school graduate 440 (13.9) 528 (14.6)
Certificate/diploma/associate degree 963 (30.3) 803 (22.2)
Bachelor degree 630 (19.8) 904 (25.0)
Postgraduate degree 747 (23.5) 1123 (31.0)
Prefer not to answer 13 (0.4) 8 (0.2)

Employment status, n (%) 27.88 <0.001
Full time 856 (27.0) 1054 (29.1)
Part time/casual 819 (25.8) 1067 (29.5)
Unemployed 383 (12.1) 430 (11.9)
Not working (study/leave/retired) 1070 (33.7) 1024 (28.3)
Prefer not to answer 47 (1.5) 45 (1.2)

Location, n (%) 41.31 <0.001
Metropolitan area (capital city) 1421 (44.8) 1891 (52.2)
Regional area (other city/town) 1279 (40.3) 1308 (36.1)
Rural or remote area 475 (15.0) 421 (11.6)

Language spoken at home, n (%) 2.62 0.270
English only 2962 (93.3) 3344 (92.4)
English and another language 199 (6.3) 262 (7.2)
Another language only 14 (0.4) 14 (0.4)

Met clinical criteria for MDD, n (%) 362 (11.4) 309 (8.5) 15.61 <0.001
Met clinical criteria for GAD, n (%) 645 (20.3) 805 (22.2) 3.73 0.054
Met clinical criteria for SAD, n (%) 551 (17.4) 529 (14.6) 9.51 0.002
Met clinical criteria for panic disorder, n (%) 186 (5.9) 190 (5.2) 1.20 0.273
Met clinical criteria for PTSD, n (%) 391 (12.3) 410 (11.3) 1.59 0.207
Met criteria for any of these disorders, n (%) 1135 (35.7) 1229 (34.0) 2.33 0.127
Distress Questionnaire-5, mean (s.d.) 11.48 (5.10) 10.86 (4.81) 5.16 <0.001
Kessler-10, mean (s.d.) 11.90 (8.90) 11.86 (8.79) 0.21 0.835

MDD, major depressive disorder; GAD, generalised anxiety disorder; SAD: social anxiety disorder; PTSD: post-traumatic stress disorder.
Bold values indicate P < 0.05.
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3
https://doi.org/10.1192/bjo.2020.37 Published online by Cambridge University Press

https://doi.org/10.1192/bjo.2020.37


validation sample had a lower prevalence of depression and SAD
and less severe distress than the development sample.
Nevertheless, differences were typically small (for example
Cohen’s d = 0.12 for DQ5), which suggests that the statistical signifi-
cance of these comparisons may be more related to sample size than
clinically meaningful differences.

The eight PROMIS items and 12 RMT items selected for the
final composite screener (RMT20) are provided in Table 2, includ-
ing mean (s.d.) for individuals with and without the specific dis-
order of interest. It should be noted that these means are likely
higher than would be seen in the general population, so should
not be considered normative data. All items significantly differen-
tiated those with and without the disorder of interest.

Table 3 details the precision of the subscreeners in identifying
clinical caseness for the five mental disorders based on AUC, with
comparison with the two measures of psychological distress: DQ5
and K10. The table indicates that the disorder-specific subscreeners
from the RMT20 were significantly more precise in screening for all
disorders of interest, except in the case of GAD where the difference

between the RMT20 and DQ5 was not significant. For SAD and
panic disorder in particular, the RMT20 had considerably greater
precision than both the DQ5 and K10, with an increase of up to
9% in AUC.

Table 4 shows the performance of the subscreeners at the iden-
tified cut-points. All screeners had high sensitivity, approximately
85% or greater, and specificity above 70%, indicating their accuracy
across independent samples. The subscreeners also had high
internal consistency, at or above 0.9. Performance of the RMT20
was stronger overall than the distress screeners, with similar or
high sensitivity and specificity at prescribed cut-points.

Discussion

Main findings

The psychometric properties of the RMT20 composite screening
measure suggest it provides an accurate and rapid method to iden-
tify individuals who meet clinical criteria for specific common

Table 2 Mean (s.d.) and 95% CI for items included in the composite screener, based on presence or absence of the disorder of interest

Disorder of interest, absent Disorder of interest, present

MDD, n 2813 363
MDD subscreener, mean (s.d.) 95% CI
I felt depressed 2.34 (1.17) 2.30–2.39 4.22 (0.75) 4.14–4.29
I felt hopeless 2.02 (1.14) 1.97–2.06 3.94 (0.92) 3.84–4.03
I felt that nothing could cheer me up 1.85 (1.10) 1.81–1.89 3.83 (0.91) 3.73–3.92
I felt that I had nothing to look forward to 2.00 (1.19) 1.96–2.05 3.98 (0.94) 3.89–4.08
GAD, n 2530 645
GAD subscreener, mean (s.d.) 95% CI
I felt anxious 2.17 (1.02) 2.13–2.21 3.63 (0.91) 3.56–3.70
I felt worried 2.23 (1.00) 2.19–2.27 3.65 (0.85) 3.59–3.72
My worries overwhelmed me 1.86 (1.01) 1.82–1.90 3.42 (0.97) 3.35–3.50
Many situations made me worry 1.91 (1.03) 1.87–1.95 3.46 (0.97) 3.39–3.54
SAD, n 3091 529
SAD subscreener, mean (s.d.) 95% CI
I felt nervous during social situations 2.44 (1.08) 2.40–2.48 4.09 (0.75) 4.03–4.15
My fear of social situations was distressing 1.80 (1.00) 1.76–1.84 3.69 (0.95) 3.61–3.77
I was unable to relax during social situations 2.15 (1.07) 2.12–2.19 3.85 (0.89) 3.78–3.93
I felt tense about mixing in a group 2.29 (1.10) 2.25–2.33 4.01 (0.87) 3.93–4.08
Panic disorder, n 3430 190
Panic disorder subscreener, mean (s.d.) 95% CI
I felt afraid of certain activities because I feared having a panic attack 1.64 (0.97) 1.61–1.67 3.05 (1.12) 2.89–3.21
I had a sudden unexpected period of intense fear, anxiety or discomfort 2.06 (1.06) 2.02–2.09 3.44 (0.86) 3.32–3.56
I felt terrified, my heart raced and I thought I might be dying 1.42 (0.78) 1.40–1.45 2.68 (1.04) 2.53–2.83
I worried about having an unexpected anxiety spell or panic attack 1.65 (0.99) 1.62–1.68 3.10 (1.08) 2.95–3.25
PTSD, n 3210 410
PTSD subscreener, mean (s.d.) 95% CI
I could not feel close to others because of a trauma 1.51 (0.91) 1.48–1.54 3.11 (1.23) 2.99–3.23
I felt cut off and isolated from other people because of a trauma 1.53 (0.94) 1.50–1.56 3.23 (1.26) 3.11–3.35
I did not enjoy the company of others because of a trauma 1.45 (0.86) 1.42–1.48 2.99 (1.25) 2.87–3.11
I felt on edge and distressed when thinking about a trauma 1.63 (1.00) 1.60–1.66 3.37 (1.24) 3.25–3.49

MDD, major depressive disorder; GAD, generalised anxiety disorder; SAD: social anxiety disorder; PTSD: post-traumatic stress disorder.

Table 3 Comparison of area under the curve for new 4-item subscreeners in comparison with existing measures of general psychological distressa

Disorder
RMT20 subscreener

AUC (95% CI) K10 AUC (95% CI) DQ5 AUC (95% CI)

RMT20 versus K10 RMT20 versus DQ5

χ2 P χ2 P

Major depression (D) 0.917 (0.905–0.930) 0.900 (0.887–0.913) 0.898 (0.885–0.912) 6.88 0.009 8.65 0.003
Generalised anxiety (D) 0.889 (0.876–0.901) 0.849 (0.835–0.864) 0.880 (0.867–0.894) 32.57 <0.001 2.72 0.099
Social anxiety (V) 0.916 (0.905–0.928) 0.844 (0.827–0.861) 0.868 (0.853–0.883) 94.11 <0.001 57.00 <0.001
Panic disorder (V) 0.878 (0.859–0.896) 0.807 (0.780–0.835) 0.810 (0.783–0.837) 35.63 <0.001 38.38 <0.001
PTSD (V) 0.863 (0.844–0.883) 0.820 (0.800–0.839) 0.815 (0.796–0.835) 14.18 <0.001 17.43 <0.001

(D), data from the development sample (n = 3175); (V), data from the validation sample (n = 3620); PTSD: post-traumatic stress disorder; AUC, area under the receiver operating characteristic
curve; K10, Kessler-10; DQ5, Distress Questionnaire-5.
a. χ2 tests have one degree of freedom; bold values indicate P < 0.05.
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mental disorders within the general population. The RMT20
screener outperformed two established measures of general psycho-
logical distress across all disorders, suggesting the
composite screener approach may be more effective and efficient
when there is a need to identify the presence of specific mental
disorders. The gains in precision were most evident for social
anxiety, panic disorder and PTSD, which are not typically captured
as well as depression and generalised anxiety by measures of general
psychological distress.10 The RMT20 was designed for online use
but may also have relevance in a range of clinical settings where
identifying specific forms of psychopathology would be beneficial.

Measures of general psychological distress remain useful for
identifying individuals who are likely to meet clinical criteria for
one or more mental disorders. Indeed, measures such as the DQ5
have been shown to be highly accurate and efficient in screening
for a range of mental disorders, using only five items. However,
distress measures are unable to differentiate the specific disorder
that an individual is most likely to be experiencing. The 20-item
composite screener presented here provides a compromise
between distress measures and lengthy batteries of mental health
measures. For example, using common existing measures assessing
five disorders included in the composite screener would require
presentation of at least 34 items from five scales, each with different
stems and response frames. The RMT20 also allows flexibility in the
scope of screening, enabling the subscreeners to be administered as
needed.

Administration of the RMT20

The RMT20 performed well in relation to other brief composite
screeners tested previously,8,9 which typically perform better for
some disorders (for example MDD) than others (for example
GAD, PTSD). The RMT20 also performed similarly to computer
adaptive tests, which typically require 4–15 items per domain to
deliver a similar level of accuracy.26–28 Computer adaptive tests,
although similarly efficient to brief composite screeners,
require considerable infrastructure to administer and do not
appear to provide a considerable benefit in terms of markedly
greater precision for identifying specific mental disorders in the
community.25 In contrast, the RMT20 is easy to administer in an
online or paper-and-pencil settings, with minimal loss of diagnostic
accuracy.

Potential applications

While ourmain focus in the development of this composite screener
was on tailoring internet interventions to prevent and treat mental
disorders in the community,6 further potential applications are
extensive. Poor recognition of mental disorders in the community29

could be improved by provision of screening tools to the public, in
conjunction with feedback to support appropriate help-seeking.
Screening programmes within general practice, hospital settings
and community-based mental health services often require brief
and accurate indicators for a range of specific mental health pro-
blems. As a result of time constraints and consideration of patient
burden, healthcare settings typically screen using psychological dis-
tress measures that may be suboptimal, or focus only on depression
and/or generalised anxiety. The current findings suggest that dis-
tress screeners may not be as accurate as a composite screener in
identifying particular common mental disorders such as panic dis-
order and PTSD. The present composite screener may provide an
alternative approach to screening that is more accurate and can
be administered in 1–2 min. Although the current population
sample reported high levels of psychopathology, further investiga-
tion of the performance of the RMT20 in clinical settings would
be warranted.
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Strengths and limitations

This study used separate development and validation data-sets to
establish the psychometric properties of the new composite
screener. Both data-sets consisted of large samples of adults
recruited from the community, with oversampling of people with
mental health problems. However, there are some limitations of
the present research. First, the RMT20 did not include externalising
disorders or less common internalising disorders, although there is
scope to add modules for these domains in future. The sample was
not representative of the population nor of a treatment-seeking clin-
ical sample, so further data may be needed to provide population
norms. The clinical outcome measure was a self-report checklist,
which is similar to the approach used in other population-based
studies. Such checklists provide an indication for probable disorder
only, so further evaluation of the RMT20 against a clinician diagno-
sis would be valuable. Furthermore, the development of the RMT20
was on the basis of accuracy in assessing DSM-5 disorders, so some
degree of circularity in the definitions used in RMT20 may exist,
excluding broader manifestations of these disorders. Although psy-
chological distress scales are widely used for screening, a stronger
future comparison for the RMT20 may be against a battery of
more traditional disorder-specific screening measures (see for
example Zuromski et al,30 Kroenke et al31 and Batterham
et al32,33). The PROMIS measures were only included in the devel-
opment sample, as they are established measures, precluding us
from measuring their psychometric properties across independent
data-sets.

Finally, the method for selecting items was designed to maxi-
mise the accuracy of the screener across the dimensions of each dis-
order, rather than using methods to maximise classification, such as
decision trees. The dual-function screeners may therefore be used in
assessing both severity and presence of disorder. However, alterna-
tive methods for identifying subsets of items may have provided
greater accuracy in capturing diagnostic criteria.

Implications

The RMT20 is a composite measure that is accurate in screening for
five mental disorders in the community. The measure outperforms
two established scales assessing general psychological distress, is free
to use and is associated with low respondent burden, which makes it
well-suited to busy clinical settings, internet-based screening and
large-scale epidemiological surveys.
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